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An Automated Road Surface Defect Detection System based
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Abstract

Due to recent climate changes, natural disasters such as localized heavy rain in the summer and heavy
snow in the winter have become more frequent, leading to increased road damage. This significantly
impacts the malfunction and safety of vehicles, thereby increasing the risk of major accidents. Current
road management systems primarily rely on visual inspections and manual labor to collect and analyze
data, making it difficult to effectively monitor rapidly changing road conditions in real-time. Therefore,
there is a need for new technology that utilizes artificial intelligence to detect and monitor road defects in
real-time. This paper proposes an Al-based pavement defect detection system that automatically identifies
various defects that can occur on road surfaces. The proposed system has been validated using
real-world data to detect and recognize 18 types of road surface defects in real-time.
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Fig. 1. Various road surface defects
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Table 1. Defined road surface defect categories
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