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Abstract

This paper proposes an automated method for detecting and collecting evidence of illegal OTT content
distribution using a Large Language Model (LLM) and a Large Action Model (LAM). Traditional manual
web crawling methods are limited in their ability to adapt to structural changes in websites and incur high
maintenance costs. To address these issues, we design a fully automated system architecture encompassing
web structure analysis, code generation, similarity-based judgment, and evidence preservation.

In the proposed method, the LLM analyzes the HTML structure of a website and generates code for
information extraction, while the LAM executes the code to collect data. Additionally, the system
incorporates Retrieval-Augmented Generation (RAG) to enhance semantic similarity comparison and
includes a feedback loop that iteratively improves the results when confidence is low. This approach
allows the system to flexibly adapt to various web structures and enhances the reliability and efficiency
of evidence collection.
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keywords : Large Language Model(LLM), Large Action Model(LAM), Illegal Content Distribution,
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