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Analysis of the usability of facial expressions generated by
generative artificial intelligence
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Abstract

This paper aims to analyze whether generative Al based on currently developed large language models
(LLMs) can generate avatars that display appropriate facial expressions in context when interacting with
humans in avatar form. Furthermore, it evaluates the usability of the generated facial expressions by
comparing them with existing facial expression recognition datasets across various categories such as
gender, expression type, age, and identity. Lastly, this comparative evaluation seeks to identify and
analyze the differences and characteristics among the results of various existing Al models, thereby
assessing the potential applicability of current Al systems in generating realistic and contextually
appropriate facial expressions.
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Fig. 1. Male Facial Expressions Generated by Four Representative Generative Als
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