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A Comparative Study on Character Animation Acting
Expression between Generative Al and Keyframe Methods -
Focusing on Non-verbal Acting Elements

Hunjin Parks¥
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Abstract

This study examines the limitations of generative Al in character animation’s core aspect of 'acting’,
despite its efficiency improvements. 3D keyframe animation is an art of simplicity and clarity that refines
references to convey meaning precisely. In contrast, generative Al relies on probabilistic data
combinations, failing to understand narrative context and character intent, producing only patterned
gestures and subtext. This paper systematically classifies non-verbal acting elements and compares
keyframe animation with Al-generated videos to identify why AI achieves visual realism but lacks acting
appeal. It proposes that Al will serve as a production support tool, while final acting direction remains the
exclusive domain of human animators.
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woman sitting on a cozy sofa, holding an open
book. She looks extremely bored and sleepy,
her eyelids are heavy and drooping, and she is
slouching. The lighting is warm and soft.
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Despite her sleepy expression,

Dialogue:  'interesting’.
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