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Abstract

Impervious surface affects urban climate, flood, and water pollution and has important role
as basic data for urban planning and environmental and resources management uses. With a
high paved rate, increased quantity of the outflown water and brings urban flooding during a
heavy rain. Moreover, these non-point source pollution is getting increased the water pollution.
In this regard, it is definitely important to research and keep monitoring the current situation of
paved surface, which influences urban ecosystem, disaster and pollution.

In this study, we suggest a method to utilize high resolution satellite image data for efficient
survey on the current condition of paved surface. We analysed the paved surface condition of
Dae-jeon metropolitan city area using KOMPSAT-2 image and validate its practicalness and
limitation of this method.
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of FAH YAO R SFRAL AFo|H FE0] 7
o] EAIBHA| ¢k= ZjLet ofulxjo|t}, 7RAIFAl o
Aol RGBS %33 NIR(Near Infrared)2} 3

=
N
=
10
=

r

& AYH, PanchromaticZt4] & 5
7N} = GeoTiffolR|A| &= A= o] i, 2719
RPC(Rational Polynomial Coefficient) data®
SEFRRITHGE 1),

2. FAako| Fx{a|
E oA o] FoH E EAL [eicadAd] H
3= ERDAS IMAGINE V8.6 o]&3| AA|5}

H 1. KOMPSAT-2 gAto| EX|

Band NO. 39 T (nm) | F7H1 A E(m)
1 Blue 450-520 4
2 Green 520-600 4
3 Red 630-690 4
4 Near Infrared 760-900 4
8 Panchromatic 500-900 1
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1) TCT(Tasseled—cap Transformation) Model
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4) 245 A3 3709 TCT index A1 2|77t

w2 A Ul 22 A pixel?] 3%

ZF TCT index'8 = 1470 Aol thgt 4125171l
23 E pixel TS 23 W2 layerg 753
AR ==t 3709 TCT index® 14709 A
layer’} A E % 42709 layerE 43 =1
o] datat ©]% 3719] TCT indexE &7 TH5A]7]
= 35 pixelS B85 HFHoz2 EFAFS} 3}
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o
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V. a+ A4 GVISH NWIS ©3} ko] ¥e] 7hS ZA]o] ZHa 1
=2 Belt
1. S x|
o=2ERe Xy
1) °§" i}(lmage Fus10n) 2. EXjujeeEs A
2) TCT Modele] 3 23} W 1] AoR F4E EAREESES

/st AE WAHREE & 49 Xélﬂd‘i"i‘:}.
RRAFE 18AE 2 9loy,
barren(H])o|u building(&)e] 4% thst

TCT(Tasseled—cap Transformarion) Model
o] A&A] A8 Ayt 5 3702] SBI(Soil Brightness

Index), GVI(Green Vegetation Index), NWI B3 Ego wAEy] GBS M) Hol
(None—such Wetness Index)® 2 =13, 19

138 @3k 37]9] 42 RGBE overlappingdt off wke} Alg-& AlEskste] 2533t
Zoltt, 2) EXnEHE o] H3tE =
BSHE TCTEHEY] AR 9= & 3o 25t ARH OB AFs] =l
%tk SBIY A% A4e YRS = 7HAH AAATEE 971502 22| Al wst A3
Fojdt Aoz AE i), mabA ol Edi2 A

H 3. TCT H&t 0[0|x|Q| X|o HH - .
= BRE 53 2529 255U E(mpervious

layer min max  |meanstdev = _ N
2 2 T AR BEALS AR
SBL | 22151 | 8984 | 1323623 | 139.988 I_nif)a RSl g3t
GVI | 67012 | 49131 | -188.460 | 113567 SFRAT.
NWI | -61588 | 11804 | -237.426 | 40777

B4, 2RE EXOE A ©A

1 2 3 4 5 6 7 8 9 10 11 12 13 14

agricultural | barren1 | barrenl | buildingl | building2 | building3 | forestl | forest2 |  golf grass road | shadow |vinylhouse| water

11,956 | 200,719 | 701,036 | 82111 | 596900 | 337,288 | 492,099 | 428557 | 1,083,814 | 40,700 | 82308 | 21342 | 226682 | 5903

Il Forest2(light)
B barrenl
B barren2

B water
I erass
B solf
B road

agricutur

Vinyl
I Building1(concrit)
Wl shadow
B Building(red roof)
B Building(blue roof)
I orest(dark)

I3 14, (a) YRHe EXLIEEF 21t (b) eRHe SF+X= 2 Zat
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